Un j 'asf 4 «®0
n journa . o
de ASTAC mb Multidisciplinary

chile Business Review

CORRELATES OF ENHANCING RETWEETS AMONG USERS:
THE CASE OF NISSAN

CORRELACIONES DE LA AMPLIACION DE RETWEETS ENTRE LOS USUARIOS:
EL CASO DE NISSAN

Eva Lahuerta-Otero? * Rebeca Cordero-Gutiérrez®

Classification: Empirical paper — research
Received: June 8, 2020 / Revised: September 11, 2020 / Accepted: November 7, 2020

Abstract

The purpose of this paper is to determine which elements of Twitter stimulate the dissemination of messages in the
microblogging community. We collected a database of 1,112 Spanish-speaking users for this study who had mentioned
the keyword "Nissan" in their tweets, and performed a multiple regression analysis. We have found that certain character-
istics of tweets (longer tweets that express feelings through mentions and lexical diversity) obtain higher dissemination
rates compared to those that do not. Hashtags and links seem to distract users from processing the information and do
not act as heuristic cues. Users want to find heuristic cues that help them process information easily in social media.
However, the use of links or hashtags in tweets does not help with dissemination, as these elements distract users and
decrease the limited writing space available. This paper offers insightful options for brands, marketers and profession-
als on how to maximize the impact of social media at no additional cost.

Keywords: Marketing communication, social media, Twitter, tweet elements, diffusion, Nissan.

Resumen

El propdsito de este articulo es determinar qué elementos de Twitter estimulan la difusién de mensajes en la comu-
nidad de microbloggers. Para este estudio se recopild una base de datos de 1112 usuarios de habla hispana que habian
mencionado la palabra clave “Nissan” en sus tweets y se realizo un analisis de regresion multiple. Hemos comprobado
que ciertas caracteristicas de los tweets (mensajes mas largos que expresan sentimientos a través de las menciones
y la diversidad 1éxica) obtienen mayores tasas de difusion en comparacion con los que no lo hacen. Los hashtags y
los enlaces parecen distraer a los usuarios del procesamiento de la informacion y no actuan como pistas heuristicas.
Los usuarios quieren encontrar pistas heuristicas que les ayuden a procesar la informacion facilmente en los medios
sociales. Sin embargo, el uso de enlaces o hashtags en los tweets no ayuda a la difusion, ya que estos elementos dis-
traen a los usuarios y disminuyen el limitado espacio de escritura disponible. Este estudio ofrece alternativas ttiles
para las marcas, los agentes de marketing y los profesionales de empresa sobre la forma de maximizar el impacto de
los medios de comunicacion social sin costo adicional.

Palabras clave: comunicacion de marketing, medios sociales, Twitter, elementos de tweet, difusion, Nissan.
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Introduction

The world is going digital. The latest report from We are
Social & Hootsuite (2020) reveals that more than 4.5
billion people currently use the Internet, while social
media users have surpassed the 3.8 billion mark, represent-
ing a global penetration of 49%. Compared to 2019, active
users of social media grew by 9.2% (321 million). This
means, for example, that 190 million users joined social
networks in Asia and the Pacific alone in 2019 (a growth
rate of 9.8 percent) or 38 million new users in the Ameri-
cas. Therefore, social media is part of our lives today. We
use virtual communities to communicate, inform and inter-
act with family and friends, but also with brands.

Twitter is one of the most powerful and well-known
microblogging sites worldwide. It currently has 330 mil-
lion monthly users, most of whom are from the United
States (Statista, 2020a). Since this platform is a simple
and effective social communication system, the world
sends 8,980 tweets every second, which means more than
776,044,800 tweets daily (Internet Live Stats, 2020).
Therefore, this virtual community generates and dis-
seminates a large amount of information with a simple
mouse click, promotes customer interaction and content
generation (Steyn et al., 2011) and becomes an excellent
means of keeping informed about daily news (Hoeber
etal., 2016).

Twitter is also a valuable loudspeaker for brands, celeb-
rities and organizations, and the use of microblogging
social tools among Latin American countries is also very
widespread. In February 2020, Brazil was the Latin Amer-
ican country with the most Twitter users: approximately
12.15 million. It was followed by Mexico with 9.45 mil-
lion and Argentina with 4.96 million users. Overall, social
networks remain one of the main online activities in Latin
America (Statista, 2020b). In addition, Latin American
presidents are the biggest users of social media by politi-
cians, especially on Twitter (Direct Marketing, 2020).

Consumers are also responding to this new form of
interaction, as they are more likely to remember the ads
seen on Twitter and take action later. For example, 42%
of users seek additional information about a product or
brand and are more likely to share the results with their
friends. In addition, 78% of customers are more likely to
post or share a post about a brand on social media and,
more importantly, 120% are willing to contact brands
directly. In turn, an active presence on Twitter makes
brands feel more human and trustworthy (Ward, 2019).

According to Syrkiewitcz-Switala et al., (2016),
information sources should be adapted to the current ver-
sion 2.0 live, because users want to receive information
in a comfortable, adapted and practical way. Therefore,
it is essential that brands understand which elements of
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a message can improve retweeting, since it is a measure
of diffusion and propagation of a tweet. There are two
ways in which users can influence others. First, someone
must have enough influence and persuasion on Twitter to
generate attention when writing, and second, users must
transmit that message to others, helping to create elec-
tronic word of mouth (e-WOM) (Oh & Nguyen, 2010).

When a user resends content, it helps the brand to
spread the information for free, so identifying which
elements of the message (hashtags, mentions, links,
feeling...) favour the spread can help brands and com-
panies to write and spread the messages more efficiently
(Lahuerta-Otero & Cordero-Gutiérrez, 2016). The pur-
pose of this paper is simple: given the lack of literature
on empirical research in this field (Ikeda et al., 2013) we
intend to identify the characteristics of tweets that facil-
itate re-tweeting using a set of data from the automotive
industry.

The paper is structured as follows: First, we describe
the previous literature to determine the materials and
methods used in the research. Next, we describe the
results of our empirical research conducted on a database
of tweets published by 1,112 users and their discussion
and implications for the industry. Finally, we include a
conclusion section to highlight the most relevant findings
of our research.

Background and Prior Literature

With millions of tweets being sent every day, users
face difficulties in processing information quickly and
efficiently. There are several elements in a message (integ-
rity, relevance, security, timeliness...) that can improve
its quality, making it more relevant to users who want
to know about news, brands or companies (Alexander
& Tate, 1999; Parker et al., 2006; Strong et al., 1997).
Microblogging social sites create an important source
of electronic information (Erkan & Evans, 2016; Jansen
et al., 2009), as information can be transmitted quickly
and effectively. Unlike other social networks, Twitter
users do not need to follow each other to read their pub-
lications. Therefore, every time a user publishes a new
message, it is made public and immediately accessible
to all members of the social network. This means that
users and brands can immediately check users’ reactions,
attitudes and opinions about a message, getting automatic
and instant feedback (Sankaranarayanan et al., 2009).
The most influential Twitter users will be able to
involve others in the joint creation of value, since the rest
of the community’s users perceive their messages as reli-
able and trustworthy (Bongwon et al., 2010). This does
not necessarily mean that influential users must have
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large audiences, as some authors indicate that the spread
of tweets indicates relevance, rather than the number of
followers (Cha et al., 2010; Messias et al., 2013). There-
fore, it is necessary to study which characteristics of the
message facilitate the processing of information for users
and enable its dissemination, since e-WOM can influ-
ence brand image, perceptions and purchase decisions
(Reynolds, 2006; Urban, 2005).

The most recent research (Lahuerta-Otero et al.,
2018; Liu e tal., 2012; Zhang et al, 2014; Zhang & Watts,
2008;) uses the heuristic-systemic model of informa-
tion processing (Chaiken, 1980) to analyse why some
messages are more widespread than others and spread
more quickly through social media. The model states that
there are two ways to process information. First, there is
systematic information processing in which users need to
have sufficient time and resources to process a message
based on its content (Flanagin & Metzger, 2007; Metzger
et al., 2010; Taraborelli, 2008).

Since users do not have time to process millions
of messages every day, they use a set of alternative
strategies and heuristics to process the information more
easily. Using contextual elements (such as message
characteristics) they can evaluate the quality of the informa-
tion without making a detailed analysis of the information
contained in a tweet (Chaiken, 1987; Fogg, 2003; Lahuer-
ta-Otero et al., 2018; Lang, 2000). When heuristic keys are
used, readers give credibility to the messages based on their
characteristics, rather than on the content itself.

Tweets’ Characteristics and Message Diffusion

Members of the virtual communities use both heuris-
tic and systematic cues when processing information, so
we will describe which characteristics of tweet messages
can favour its propagation in the form of retweets, in line
with previous research (Hao et al., 2016; Zhang et al.,
2014; Zhang & Peng, 2015; Zhang & Watts, 2008).

Tweet Length

Twitter is a microblogging platform with a 280-character
restriction. Therefore, users must synthesize the me-
ssages to express all the information efficiently. Some-
times, users have difficulty in expressing large opin-
ions or messages through a short message, so they use
external links. Several researches have tried to determine
the ideal length of a message on Twitter (Bennet, 2014;
Lahuerta-Otero et al., 2018; Lee, 2015; Zhang & Peng,
2015,). In general, most of the authors conclude that the
longer the tweet, the better its dissemination possibilities.
Therefore, we propose the following:

H1: The longer the tweet, the more retweets.

Sentiment

Many users find it difficult to express a full set of emo-
tions (irony, joy, anger, disappointment...) in a short
Twitter message. However, marketers and research-
ers are aware of the importance of emotions when writ-
ing, given that it creates greater brand involvement and
facilitates dissemination on microblogging platforms
(Hansen et al., 2011; Lahuerta-Otero & Cordero-
Gutiérrez, 2016; Lahuerta-Otero et al.,2018, Zhang &
Peng, 2015). Users and brands need to ensure that their
message attracts and engages their audience, so they try
to write tweets that motivate their audiences. As a result,
they tend to express different feelings when writing (Boyd
etal., 2010; Hutchison & Kumara, 2013; Javaetal., 2007)
in order to capture the attention of the users and pro-
voke action (usually through a retweet). We propose the
following hypothesis accordingly:

H2: Users expressing sentiments regarding tweets will
get more retweets.

Links

Twitter is a microblogging platform with a 140-character
restriction that was updated to a maximum of 280
characters in 2017. Although links will not be counted
for the 280-character maximum when typing in the future
(Twitter, 2016), users have to leave the platform when
clicking on an external link. This means an additional
effort to process the information, so the heuristic cue may
become distracting (Liu et al., 2012). Although there is
some controversy about the use of links to complement
the information in tweets, some empirical research (Lee,
2015; Ross, 2014) considers that the use of links does not
favour the dissemination of tweets. Therefore, we pro-
pose the following hypothesis:

H3: The greater the use of external links in a tweet, the
less retweets.

Mentions and Hashtags

There are several ways to provide interactivity on Twitter.
First, when users want to direct others, they can add
the “@” symbol before their username, which means a
mention. By doing this, the user is directly notified that
someone has mentioned them in a message, so they can
perform an action (such as liking, replying or comment-
ing). Several empirical studies (Enge, 2014; Kietzmann
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et al., 2011; Lahuerta-Otero & Cordero-Gutiérrez, 2016;
Lahuerta-Otero et al.,2018; Zhang & Peng, 2015) con-
firm that mentions help spread the messages on micro-
blogging platforms, because users tend to show others that
they support by spreading the message to their contacts.

On the other hand, we can also consider that hashtags
can be a way to improve the interactivity and dissemi-
nation of messages. By adding the “#” symbol before a
tweet, users convert the words into keywords that allow
categorization. Therefore, users can group messages
into topics in order to process the information more effi-
ciently (a heuristic cue). The most talked about topics at
the moment are called trending topics and allow Twit-
ter users to process information easily (Gul et al., 2016;
Scott, 2015) and brands can increase the public’s atten-
tion (Wang et al., 2016). Consequently, and according to
previous research (Enge, 2014; Kietzmann et al., 2011;
Lahuerta-Otero & Cordero-Gutiérrez, 2016; Lahuerta-
Otero et al.,2018) the use of hashtags improves the diffu-
sion of tweets. Therefore, and in line with the above, we
propose the following hypotheses:

H4: The greater the use of mentions in a tweet, the
more retweets.
HS5: The greater the use of hashtags in a tweet, the
more retweets.

Influence

We can measure the influence of users on social media
using different indicators. One of the best-known tools
is the Klout score, which uses data from various social
user profiles to rank them from 0 to 100 (Klout, 2016).
However, the use of Klout as an influence score does
not distinguish the individual power of a user in a sin-
gle network, given that it is a combination of indicators.
Consequently, only 3% of marketers believe it is a valu-
able tool for measuring social influence (Augure, 2014).
To overcome these limitations, the University of Sala-
manca, through the BISITE research group and the PIAR
project, has developed an algorithm that is capable of cre-
ating an alternative score that is based solely on the influ-
ence of Twitter, allowing us to provide more information
on how the influence impacts dissemination. When
users retweet a message, they think the content is use-
ful for their followers, given its greater reach. Therefore,
retweeting involves electronic word of mouth (e-WOM).
The more influential the user is, the more credibility the
tweet has with the audience, since they are considered
experts in the industry and a source of valuable informa-
tion (Mavrck, 2014). Recent research shows that the most
influential users (who use the Klout score) get an average
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of 193 retweets, compared to users with a Klout score
between 0 and 29, who only get 6 retweets on average
(Infographic list, 2012). Accordingly, we propose:

H6: The greater the influence of a user on Twitter, the
more retweets.

Lexical Diversity

Twitter is a horizontal social network, which means that
users talk about many different topics. Depending on the
popularity of the topic, they become more relevant as
users participate in its dissemination. Internet users can-
not process all the tweets on each of the topics, so they
become selective and pay more attention to the tweets
containing the topics they are interested in (Weng et al.,
2010). When users become experts in a field, they tend to
write valuable content for their followers. Therefore, they
will try to express themselves in a way that indicates their
level of expertise, which means they use a more diverse
vocabulary to be able to discuss the topic in depth. Rus-
sel (2013) states that Twitter users write more interesting
topics for their audience, which favours dissemination.
Consequently, we formulate the following hypothesis:

H7: Users with high lexical diversity get more
retweets.

Following

Twitter is a virtual community where users normally
follow each other. First, because they might be interested
in following the most influential users in order to par-
ticipate in co-creation and e-WOM. This is why some
authors think that influence has more to do with spread-
ing messages and influencing, rather than having a large
number of followers (Cha et al., 2010; Messias et al.,
2013). Since it is easy and simple to follow others on
Twitter, some users do so out of courtesy, so influence
and spread increase when a large number of people have
access to the messages (Chu & Kim, 2011). Therefore,
for e-WOM it is important that the user who publishes
tweets follows a large number of people in the commu-
nity (in addition to having many followers) to help spread
the messages (Okazaki et al., 2014). Our hypothesis is as
follows:

HS: Users following more people on Twitter get more
retweets.

In order to empirically test all the hypotheses mentioned
above, we propose the following regression equation:
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Materials and Methods

The data used in the present paper have been obtained
from the microblogging social network, Twitter. We
select this platform mainly for two reasons: 1. because it
is the most important in this type of social network, and
2. because its privacy features allow for the simple com-
pilation of tweets generated by users, as well as data of
their own activity. We collected data through a Twitter
API that is integrated in a tool called PIAR developed by
BISITE Research Group (University of Salamanca). This
tool chronologically collects all the tweets, their struc-
ture, and information about the users that publish them
(sentiment, mentions, retweets and information about
influence and activity of the user, among others) associ-
ated with a previously fixed keyword.

For this study we have compiled a database of 1,112
Spanish-speaking users who have mentioned the key-
word “Nissan” in their tweets between July 13 and 25,
2016. We chose this brand because of its importance
in the automotive sector and also because it is a well-
known brand at an international level. In addition,
Nissan’s sales increased by more than 14% in South
Americain 2017, and total vehicle sales in the region were
the highest since 2014. Nissan sold more than 200,000
vehicles in Latin America in 2017, the best results since it
began operations in this market in 2014. Sales in Argentina
grew by 71% with respect to 2016, which means a 5%
increase in market share. Sales in Brazil increased by
26%, where Nissan represents 46% of the market, and it is
the largest importer of vehicles in the Colombian market.
Nissan is the fourth largest importer in terms of
market share in Chile, where sales increased by 16%,
and it has a 5% market share in Peru, where it has only
recently begun operations (Nissan, 2018).

Measurements
The measures used in the study are described below:

» Diffusion of tweets (dependent variable): Retweets
(Ret): reflects whether a user’s tweet has been shared
by other users or not.

Content of the tweets (independent variables):

» Tweet Length (TL): collects the average number of
words that a user uses in their tweets.

» Sentiment (S): dichotomous variable that specifies if
a tweet has neutral feeling or it reflects feelings (pos-
itive or negative). The measurement of sentiment is

an automatic process in this case; i.e., a machine esti-
mates the sentiment of a text that has been written by
a person, detecting a positive or negative meaning
that is more or less intense. For the purpose of this
research, the sentiment model has been based on the
one developed by Brooke et al. (2009). To this model,
we have added phases to adapt it to the particularities
of social networks (use of emoticons, abbreviations
and spelling errors).

* Links (L): collects in a dichotomous variable if the
tweet contains, or not, links in the text.

* Mentions (M): collects in a dichotomous variable if
the tweet contains, or not, mentions of other users in
the text.

* Hashtags (H): collects in a dichotomous variable
whether the tweet contains, or not, hashtags in the
text.

* Influence (I): it is a measure that reflects the influence
of the user in the social network (similar to Klout
Score). PIAR measures the influence in a ranking
from 0 to 100.

» This indicator is based on the users’ followers in order
to evaluate their popularity and influence on the social
network (Carr & Brock, 2013).

» Lexical Diversity (LD): captures the ratio between the
unique words a user posts on a tweet divided by
the total number of words he/she has written in the
data collection period. Ranking from O to 1, this met-
ric becomes more relevant as the number of tweets
published by a user increases.

» Followings (F): the variable captures the number of
users an individual follows on Twitter.

Results and Discussion

For the empirical analysis of this research (see Table 1)
we use IBM SPSS 23.0 to test data using a multiple
regression model with the stepwise method.

The model proposed in the present study is statisti-
cally significant and reaches an adjusted R square of
26.6%. If we take into account the hypotheses, not all
of them have been validated in the work as only five out of
the eight elements proposed in the literature review have
been relevant in explaining the existence or retweets.

However, we can see that the H1 hypothesis is sup-
ported (B =0.136, p <0.000), which means that tweets that
have a larger number of words (and therefore a greater
length) are more likely to be shared by a user. This fact
coincides with the findings of the literature review since,
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as argued, longer tweets provide more information. If we
are talking about a vehicle, a product of high involvement
in which the customer makes great expenses, more infor-
mation is valued positively by the user. Therefore, it is
more likely that the message is spread through a retweet.
The H2 hypothesis has also been supported, which pos-
tulated that tweets written with some feeling (posi-
tive or negative), that is, not neutral, had more retweets
(B=10.093, p <0.000). This is an expected result since in a
product like the car, the user will be more willing to share
those publications that are concerned with describing the
aspects, experiences or opinions (positive or negative)
about the product or the brand. This is consistent with
Bae & Lee’s (2012) research that users respond favour-
ably (retweeting) to positive tweets.

Hypotheses H3 and H5 have not been supported.
Therefore, we suppose that users do not like that these
elements can occupy the writing space of a tweet. In
addition, in the case of links, the additional information
that they could obtain implies that they have to leave the
Twitter environment, which distracts users (Enge, 2014;
Malhotra et al., 2012).

On the other hand, there is support for the H4 hypoth-
esis. This hypothesis indicates that mentions are essential
elements to increase the volume of retweets (f = 0.392,
p <0.000). When an individual is mentioned in a tweet
by another user it is assumed that the content is relevant.
Therefore, the possibilities of sharing that content are
greater than in any other tweet where the recipient is not
personalized.

In relation to the influence variable (H6), it has no
relevance to explain the retweets on the Twitter platform.
This fact may surprise us, but we must be aware that in
a network of this type, it is not always easy to identify
an influencer. Users normally understand that informa-
tion is accurate when it comes from a reliable source,
which does not necessarily mean an influencer. There-
fore, if a message does not convey relevance and reliabil-
ity to users, it will not be retweeted, regardless of who
publishes it.

In the case of lexical diversity, we found support for
the H7 hypothesis (f = 0.160, p <0.000). Individuals with

greater diversity often receive retweets. This happens
because if the messages posted by an individual have
variety in the topics covered, there will be some individ-
ual who finds it interesting for the community, so they
tend to share it.

Finally, the HS8 hypothesis was also supported
(B=0.100, p <0.000). This relates to the fact that Twitter
creates strong links between users within the virtual com-
munity. When a user follows many people, he/she has a
greater chance of visibility because his/her closest com-
munity is larger. Moreover, if that community perceives
the user as a reliable source of information, they will tweet
again information that may be of interest to the whole
community, not only to users who follow each other.

In line with the results obtained, we can point out
that communication on a microblogging platform such
as Twitter, improves the diffusion with a specific writ-
ing style. The correct elaboration of a message means a
greater capacity of diffusion (through a retweet). There-
fore, we find a clear relationship between the elements
included in a tweet and its probability of dissemination.

Following many users on Twitter also favours retweet-
ing. Although it would seem more logical to use the num-
ber of followers an individual has, this metric has been
left out of the study as it is part of the algorithm that mea-
sures the level of influence. Hence, this is a very interest-
ing result because it implies that it is not enough to have
many followers on Twitter to spread the message, but it
also depends on the content and characteristics (heuris-
tic cues) of the message. In fact, there are already studies
that show that trust in the friends we have on a social net-
work is a confidence-building factor that is the basis for
future behavioural intent, such as sharing content through
a retweet (Cordero-Gutiérrez, 2018).

Hashtags are a characteristic feature in tweets, as
they are highlighted with the # symbol and make the
word appear in another colour. But we should be aware
that additional hashtags can take space away from the
tweets. Since Twitter allows searching without the # sym-
bol, they have lost some relevance in searches and we
understand that this fact does not contribute to getting a
retweet. On the contrary, mentions become an important

Table 1. Regression Results

Dependent variable  Independent variables B p standardized p-value Model fit
Constant -0.422 0.000
Mentions 0.344 0.392 0.000

Retweet Lexical diversity 0.351 0.160 0.000 R square = 0.269 (Adjusted R square = 0.266)
Tweet length 0.012 0.136 0.000 p <0.000
Followings 0.0007437 0.100 0.000
Sentiment 0.092 0.093 0.000
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element because they link users to each other within the
virtual community. In the same line, links are not recom-
mended because when an individual finds that the infor-
mation in a message is reliable, he or she does not need
to use additional external cues to validate it. In addition,
some authors point out that users consider the links that
appear in tweets to be “spammers” (Benevenuto et al.,
2010), which discourages the dissemination of messages.
The length of the tweet has become a controversial issue
because there are studies that indicate that longer tweets
are more important and interesting for users (Tao et al.,
2012), but other studies also indicate the opposite (Sales
Force, 2012).

Not only the length is important, but also the variety
of vocabulary used (lexical diversity). When a tweet uses
more varied and non-technical or specific words, they
have a greater impact on the reader because he or she is
able to understand the message with ease (heuristic cue),
which increases retweets.

In addition, we observed through this study that users
prefer messages that show a positive or negative feel-
ing towards a product, service or brand. Neutrality goes
unnoticed by users. Consumers tend to trust the opinions
of their peers more than company references, as they are
perceived as “honest and accurate” (Lahuerta-Otero &
Cordero-Gutiérrez, 2016).

Conclusions

Academic Implications

One of the main problems that companies face in micro-
blogging networks is getting a space for the user’s atten-
tion among the thousands and thousands of messages
that are produced each minute. This type of platform, if
anything, is characterized by its speed and immediacy.
That is why one of the most important challenges is to
stand out and make sure that the generated content reaches
the users. This study offers complementary variables to
understand how users write and behave in microblogging
communities. We incorporated a new variable to the exist-
ing literature on retweeting: influence. This variable is a
unique dimension based on Twitter activity and provides
more specific information about the microblogging site
compared to the Klout score. As the Klout score takes into
account the social profiles of all users, it penalizes users
who do not have an active account on all different social
media sites. In contrast, the influence provides unique
information about the community created around a Twit-
ter user, being more specific and therefore more reliable.
Our model suggests that tweets can be more effec-
tive in terms of retweeting if they include a specific set
of heuristic cues, as they facilitate information process-

ing by allowing for greater dissemination. However, the
regression model also shows that not all heuristic cues are
relevant for retweeting, since users seem to be disturbed
by some elements (hashtags and links) that were originally
considered to facilitate dissemination. Therefore, users
wishing to create an impact on their community should
add appropriate tweeting elements (mentions, sentiment,
lexical diversity, and tweeting characters) when posting.
This study provides alternative criteria for measuring the
number and effectiveness of heuristic cues on microblog-
ging platforms, which is important for providing a joint
picture of how users create conversations about brands.

Managerial Implications

This study allows us to make important recommenda-
tions about the policy of publishing a topic on Twitter.
Thanks to the results obtained, companies or users with
profiles on Twitter can have a greater impact on their
publications. In the case of organizations, this can help
them optimize their dissemination actions, reaching more
audiences with less effort and in a more efficient way.

Standing out in the vast ocean of tweets is not easy,
but paying attention to message content and heuris-
tic cues can help users be seen over the rest. If the mes-
sages companies post on social networks increase their
reach and engagement, it will help them improve
their business relationships with customers, which are
vital in an increasingly competitive market. If an indi-
vidual becomes an ambassador for a brand, product,
or service by talking about it on Twitter, it is the best
communication a company can use since that e-WOM is
perceived as non-commercial and reliable.

Individuals tend to trust more and more those users
who are understood to be similar to them and not so much
companies or brands. This fact makes the work of a good
community manager who knows how to highlight a com-
pany’s messages over the rest of the information in order
to increase dissemination more important.

Therefore, if brands make proper use of Twitter fea-
tures when publishing, they can increase the spread of
messages. This dissemination of messages can be done
equally by all types of users, regardless of their social
influence. This is of great importance and a remarkable
result of our research, because by changing only the way
they publish, brands can favour from a greater social
impact without additional cost. Based on the empirical
results of our research, longer tweets containing senti-
ment, mentions, and lexical diversity get more retweets.
Although hashtags and links seem to be important heu-
ristic cues in the literature, our research shows that they
reduce the number of characters, which means that users
have less writing space available. In addition, links cause
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users to leave the Twitter page for another alternative,
which prevents them from reading and processing the
information. Therefore, these elements should be avoided
within the main page to improve retweeting, but they can
be added in the comments or in the biography section if
necessary in order to improve online positioning.

Limitations and Further Research

We would also like to point out some limitations of this
study. We used a single keyword (Nissan) collecting
tweets in a period of only 12 days. The sample should be
expanded to make the conclusions more robust. In addi-
tion, we can add new elements in the analysis that are
part of the characteristics of the user who writes them or
the structure or theme of the tweet itself. Alternatively,
we can explore additional relationships between vari-
ables, such as comparative hypotheses. Finally, the data
collection period can be extended to obtain richer data.
These limitations will be addressed in future research.
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